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Abstract—In the application of networks, the capacity, s-
torage cost, bandwidth and delay etc. can change over time.
Therefore, the maximum flow problem in the dynamic network
becomes an important research topic. In the dynamic network,
each arc e is associated with two time-varying weight functions
in a continuous time range: the cost function we(t) of the
unit flow on e and the capacity function ce(t) of e, where
t is the departure time of flow on e. The objective in this
work is to find an optimal scheme to send the maximum flow
from a source to a sink with the minimum cost in a dynamic
network. Due to the complexity of the problem in the network
with time-varying cost and capacity functions, many researches
consider the computing of the approximate solutions by using
the technique of time discretization to transform the continuous-
time dynamic network into classical static network. Then the
degree of approximation is closely related to the degree of
time discretization. In the changeable actual environment, some
important changes of weight functions may be ignored due to
time discretization. Therefore, in this paper, by using dynamic
weight functions in different time periods, we consider the
continuity of the transmission time and propose an efficient
algorithm to find the maximum flow of minimum total cost
with any departure time.

Index Terms—Minimum cost maximum flow problem,
continuous-time dynamic capacity network, the residual net-
work, the shortest dynamic path.

I. INTRODUCTION

THE network flow is a problem domain that lies at the
cusp between several fields of inquiry, including applied

mathematics, computer science, engineering, and operations
research. It is widely used in communication networks, trans-
portation networks and many kinds of interconnection net-
works. Further more, many practical optimization problems
need to be considered in the dynamic network environment,
where the weight (e.g., cost, capacity, delay) function asso-
ciated with each edge (or arc) will dynamically change over
time and it is called the time-varying function. For example,
the distance between any two nodes in the communication
network will change over time; also in the transportation
network, there are always a large number of vehicles in some
special time period and may cause traffic jams. Therefore, the
time-dependency becomes an indispensable element in the
problems related to the maximum flow and so the dynamic
flow problem needs to be studied in different models of
continuous-time dynamic networks.
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Because of the complexity of the time-varying weight
functions in the dynamic network, many research results
obtained by using the method of time discretization. Then
the classical method to solve the flow problem in time-
varying network is to discretize a time horizon [0, T ] and
reduce the dynamic problem to the static problem on a time-
expanded network. In 1958, Ford et al. [7] put forward the
concept of dynamic flow and obtained the classic Ford-
Fulkerson maximum dynamic flow algorithm. Later Gale
[10], Minieka[11] and other researchers [17], [16], [12]
proposed discrete algorithms to solve the earliest arrival flow
in continuous-time networks. In 2001, Cai et al. [5] solved
the minimum cost flow problem and considered three time-
varying arc weight functions: capacity, delay and cost. These
functions depend on the departure time t of the flow on the
arc where t = 0, 1, 2, . . .. Fonoberova [8] considered the
minimum cost multicommodity flow problem in dynamic
networks with time-varying capacity and transmission time
functions of arcs. Then Parpalea et al. [13] represented a
generalisation of the maximum flow of minimum cost prob-
lem for the case of minimizing the travelling cost and time.
The goal was to solve a series of maximum flow problems
in different single objective functions. In 2019, Pyakurel
[14] presented modified minimum cost flow algorithm that
computed the maximum dynamic flow and the earliest arrival
flow in strongly polynomial time when the time horizons of
the weight functions were discrete.

Although the method of time discretization can simplify
the optimization process, when the weight functions are sen-
sitive to the changes of time in the process of transmission,
the determination of the degree of time discretization will
affect the approximation of the result and the complexity
of the algorithm. Therefore, it has recently received much
attention on the maximum flow problem with the time-
varying weight functions in a continuous time horizon. There
have been some phased results about this problem and the
further research is necessary.

Different from using the auxiliary time-expanded net-
work obtained by the time discretization method, in the
continuous-time network, we need directly consider the
weight functions in the time interval [0, T ] without changing
the structure of the network. In 1982, Anderson et al. [1] ex-
amined the continuous-time dynamic flow problem with the
constraint of storage capacity at each node in the absence of
the traversal time. They proved the dynamic maximum flow
minimum cut theorem by the continuous version of Ford-
Fulkerson theory. Philpott [15] extended this result by adding
the transmission time for each arc. Anderson and Philpott [2]
developed a continuous-time version of the simplex method
under the assumption that the cost function on each arc is
piecewise linear, where the storage capacity and the cost
of each node were considered. But the convergence of the
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algorithm and the optimality of the solution could not be
guaranteed.

In recent years, there have been some new developments
about the optimization problem of dynamic path in the
continuous-time dynamic network. For example, Ding et
al. [6] focused on the time-varying shortest path (TDSP)
problem and found the optimal solution for the TDSP
problem by using a continuous-time approach on First In
First Out (FIFO) time-varying graphs. The time complexity
of the main algorithm was O((nlogn + m)α(T )) and the
space complexity was O((n + m)α(T )), where n and m
were the numbers of the nodes and arcs, respectively, and
α(T ) was the number of time segments of the travel time
function. Wang et al. [18] presented a fast path query
algorithm of the TDSP problem by using the hierarchical
graph partitioning. The complexity of the algorithm was
O(log2

2 κf · n · log2
2 α(T )), where κf was the number of the

subgraphs formed by graph partitioning.
In the aspect of maximum flow problem, there are few

researches in continuous-time networks. We will investigate
the minimum cost maximum flow problem in dynamic ca-
pacity networks with the time interval [0, T ]. Each arc is
assigned a time-varying capacity function and a time-varying
cost function per unit flow on that arc. The flow starts from
the source vs at time ts and any internal vertex may receive
different parts of the flow at different times.

When the flow with value δ starts to enter the arc e at
time t, we assume that the delay of the flow on e is we(t)
and the total cost of the flow on e is denoted by g(t) in the
time horizon [t, t+we(t)]. In the real network, especially the
communication network and the transportation network, the
longer the delay, the greater the cost value, that is, the delay
we(t) is proportional to the cost g(t). Combining this with
that g(t) = δ · ge(t), where ge(t) is the cost per unit flow
on e, we(t) is proportional to ge(t). Thus, in this paper, the
delay function we(t) is regarded as the cost function ge(t)
per unit flow and we only consider the time-varying delay
function we(t).

In order to find the maximum flow that can be transmitted
in the continuous-time network and to minimize the cost of
the maximum flow, the main challenge in our research is that
how to deal with the time-varying capacity function and the
delay function of each arc in the residual capacity network
in the process of increasing the value of flow. Since the flow
will not wait at any node, it is necessary to ensure the time
continuity of the flow passing through the adjacent arcs.

The organization of the paper is as follows. Section II
states the basic concepts of dynamic network and some
results that need to be used in this paper. Section III
investigates the minimum cost maximum flow problem under
the FIFO condition and presents an effective algorithm for
any departure time of flow. Some examples will be given
to illustrate the steps performed in the main algorithm in
this section. In Section IV, we will prove the correctness of
the algorithm and compute the time complexity. Section V
concludes the paper.

II. PROBLEM FORMULATION AND BASIC CONCEPTS

A. The Dynamic Capacity Network and Dynamic Flow

The dynamic network is defined as follows.

Definition 1 (continuous-time dynamic network). A
continuous-time dynamic network is defined by G =
(V (G), E(G),W,C, T, vs, vd).
• V (G) is the set of nodes in G and let |V (G)| = n.
• E(G) is the set of arcs in G and let |E| = m. For any
vx, vy ∈ V (G), (vx, vy) ∈ E(G) if there exists an arc
e with tail vx and head vy (i.e., e is from vx to vy).

• T is the upper bound of the time horizon considered.
• W = {we(t), e ∈ E(G)}, where we(t) : [0, T ] 7→ R+

denotes the time-varying continues delay function of arc
e with the departure time t and R+ is the set of positive
real numbers.

• C = {ce(t), e ∈ E(G)}, where ce(t) : [0, T ] 7→ N+

denotes the time-varying continues capacity function of
arc e at time t and N+ is the set of positive integers.

• Nodes vs and vd are source and sink, respectively. In
addition, vs (resp. vd) is not the head (resp. tail) of any
arc.

A walk [3] in a static directed graph G is a finite
node sequence P = 〈v0, v1, v2, . . . , vk〉 which is such that
(vi, vi+1) ∈ E(G) for i = 0, 1, . . . , k − 1. Note that P can
pass through some node multiple times. If G is a dynamic
network, then we need consider the time dimension. The
states of a node v in different times are different and so the
node v at time t and the node v at time t′ are regarded as
two different nodes in the dynamic network. Then, in the
following, we give the definition of the dynamic path.

Definition 2 (dynamic path). Given a continuous-time dy-
namic network G = (V (G), E(G),W,C, T ), a walk P (t) =
〈v0, v1, v2, . . . , vk〉 in G is said to be a dynamic path with
departure time t ∈ [0, T ] if the delay function of P (t) can
be recursively computed by:

wPv0vi
(t) = wPv0vi−1

(t) + w(vi−1,vi)(t+ wPv0vi−1
(t)),

where Pv0vi
(t) is the walk 〈v0, v1, . . . , vi−1, vi〉 in P (t) from

v0 to the node vi.

Recall that vs and vd are the source and sink, respectively.
The set of all dynamic vsvd-paths with departure time t is
denoted by Pvsvd

(t). A dynamic path P ∗(t) from the source
vs to some node u with departure time t is called a dynamic
shortest path if and only if

P ∗(t) = argmin{wP (t) : P (t) ∈ Pvsu(t)}.

For the problem of finding the dynamic shortest path
in continuous-time dynamic network, Y. Wang et al. [18]
devised efficient algorithms based on TD-G-tree to find the
time-varying shortest path (TDSP) with starting time t and
the time-interval shortest path (TIP) with optimal starting
time in time interval [0, T ]. We know that in a static network,
the successive shortest path algorithm [4] is used to find a
shortest path between the source and sink in the residual
network. Then the flow can be increased along the path and
a maximum flow with minimal cost can be obtained at last.
Similarly, in time-varying graph, since the delay function
we(t) will be treated as the cost function per unit flow on e
when the flow enters e at time t, the TDSP algorithm can be
used to find the dynamic shortest path with minimal delay.

Since the flow on an arc will leave the arc after a period of
time and different flows can enter the same arc at different
times, the flow on the arc is dynamic. Based on the the
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dynamic flow defined in [9], we restate the definition of the
flow which will be considered in this paper as follows.

Definition 3 (vsvd-Dynamic flow [9]). A vsvd-dynamic flow
(or simply a dynamic flow) f in a dynamic network G
with time horizon [0, T ] is a real-valued function fe(t) :
E(G)×[0, T ]→ R+ defined on any e ∈ E(G) and t ∈ [0, T ]
satisfying the following conditions:
• fe(t) is the value of flow on e at time t, where 0 ≤ t ≤
T ;

• For each v ∈ V (G) \ {vs, vd}, if the value of flow
received by a vertex v at time t is denoted by f−v (t)
and the value of flow leaving v at time t is denoted by
f+v (t), then f−v (t) = f+v (t).

Definition 4 (Dynamic feasible flow). For any arc e =
(vx, vy), if the dynamic flow f can arrive vx at time tx
and leave vy at time ty . Then f is feasible if it satisfies
the capacity constraint: 0 ≤ fe(t) ≤ ce(t) when t ∈ [tx, ty].

In this paper, we suppose that the departure time of the
dynamic feasible flow f at vertex vs is ts. Then we give
following definition.

Definition 5 (vsvd-Dynamic feasible flow with departure
time ts). A dynamic feasible flow f that departs from vs at
time ts and arrives at vd in the time horizon [0, T ] is called
a vsvd-dynamic feasible flow with departure time ts.

According to the conditions in Definitions 1-5, it can be
seen that all the dynamic feasible flow with departure time
ts can be received by the destination vd and so

f+vs
(ts) =

∫ T

ts

f−vd
(t)dt.

Therefore, the value of the dynamic feasible flow f with
departure time ts is V al(f) = f+vs

(ts).
By the above definitions, for any dynamic feasible flow

f , the cost of the flow φ(f) can be computed by following
equation:

φ(f) =
∑

e∈E(G)

∫ T

0

we(t)f
−
e (t)dt,

where f−e (t) denotes the value of flow entering e at time t.
We conclude this section by formulating the minimum cost
maximum flow problem as follows.

Problem 1 (Minimum cost maximum flow problem in
continuous-time dynamic networks). Given a continuous-
time dynamic network G = (V (G), E(G),W,C, T, vs, vd),
find a vsvd-dynamic feasible flow f(t) in G with the given
departure time ts at vs such that the value of V al(f) is
maximum and the cost φ(f) is minimum.

B. The Dynamic Cut

For any vertex vx, if there exists a dynamic vsvx-path
P (ts) such that the vsvd-dynamic feasible flow f can start
from vs at time ts and arrive vx at time tx passing through
P (ts), then the time tx is called a reachable time at vx and
the pair (vx, tx) is called a reachable node-time pair.

We can observe that when the departure time of f is ts
which has been given, it is enough to consider the reachable
times of other vertices to compute the value of flow. Then,

in the continuous-time dynamic network, the dynamic cut is
defined as follows.

Definition 6. For any S̃ ⊂ V such that vs ∈ S̃ and vd /∈ S̃,
given a set of reachable node-time pairs S = {(vx, tx) :
vx ∈ S̃, tx ∈ [0, T ]}, let

S̄ ={(vy, ty) : vy /∈ S̃ and there exists (vx, vy) ∈ E(G)

such that (vx, tx) ∈ S and ty = tx + w(vx,vy)(tx)}.

Then

K =(S, S̄)

={((vx, tx), (vy, ty)) : (vx, tx) ∈ S, (vy, ty) ∈ S̄,
(vx, vy) ∈ E(G), ty = tx + w(vx,vy)(tx)}

is called a dynamic cut.

The minimum value of the function ce(t) when t ∈ [a, b]
is denoted by c∗e[a, b]. Then we have the following definition.

Definition 7. The capacity function of a dynamic cut K is
defined as:

Cap(K) =
∑

((vx,tx),(vy,ty))∈K

c∗(vx,vy)
[tx, ty].

For any ((vx, tx), (vy, ty)) ∈ K, we have known that the
value of the dynamic feasible flow which can enter (vx, vy)
at time tx and pass through vy until the time ty is denoted
by f−(vx,vy)

(tx). Therefore,

f−(vx,vy)(tx) ≤ c∗(vx,vy)[tx, ty].

Combining this with Definition 7, following result holds.

Theorem 8. Given a dynamic feasible flow f in a dynamic
network G, for any dynamic cut K = (S, S̄),

∑

((vx,tx),(vy,ty))∈K

f−(vx,vy)
(tx)

≤
∑

((vx,tx),(vy,ty))∈K

c∗(vx,vy)[tx, ty] = Cap(K).

Recall that, for any vx ∈ S̃, (vx, tx) ∈ S if and only if tx
is an reachable time at vx. Then

V al(f) = f+vs
(ts) =

∑

((vx,tx),(vy,ty))∈K

f−(vx,vy)
(tx).

Therefore, by Theorem 8, we have a corollary as follows.

Corollary 9. Given a dynamic feasible flow f in a dynamic
network, for any dynamic cut K = (S, S̄), V al(f) ≤
Cap(K).

In following sections, the main algorithms will be given
to obtain the vsvd-dynamic feasible flow f (abbreviated as
flow f if there is no ambiguity) with departure time ts which
is such that V al(f) = Cap(K) and then prove that f is the
flow as required.

III. ALGORITHM SCHEME

The main algorithms will be given under the FIFO con-
dition that t + w(vx,vy)(t) ≤ t′ + w(vx,vy)(t

′) for any times
t ≤ t′ and arc (vx, vy).

According to the definition of Problem 1, the minimum
cost maximum flow problem in continuous-time dynamic
network requires finding the flow f with maximum V al(f)
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and minimum cost under the condition that each arc has a
dynamic capacity constraint. Recall that the delay function
we(t) is regarded as the cost function per unit flow on e in
this paper. The core idea of the main algorithm is to increase
flow iteratively. In each iteration, we find a dynamic vsvd-
unsaturated path P (ts) with the minimum dynamic cost (i.e.
delay) in the updated residual dynamic network. Then, by
sending an additional flow along P (ts), a new flow f ′ with
greater value and small cost is obtained and we can update
the residual dynamic network for next iteration. The flow
as required in the dynamic network is obtained until the
algorithm can not find the time-varying unsaturated path.

In the process of solving Problem 1, for any feasible flow
f , in order to send an additional flow and increase V al(f),
the residual capacity of each arc should be determined. Since
the capacity function is time-varying, the residual capacity
is changing over time as well. Then, in the residual dynamic
network of each iteration, the unsaturated path P (ts) is a
time dependent path. That is the delay and the additional
flow along path P (ts) need to be computed in different time
segments of [0, T ] because that the residual capacity of each
arc in P (ts) may be 0 in some periods.

Now, according to the steps of the increasing V al(f),
in following sections III-A and III-B, we will give some
concepts which are used in the algorithms. Meanwhile, the
main steps of algorithms will be introduced and the main
notations used are listed in Table I.

A. The initial flow, dynamic residual capacity network and
the calculation of the increment of flow

Given a dynamic network G = (V (G), E(G),W,C, T, vs,
vd), in this section, we consider the initial step firstly. The
flow f(ts) with value 0 is used as the initial flow. Then
φ(f) = 0.

Furthermore, the initial state of dynamic residual capacity
network G′ = (V (G), E(G′),W ′, C ′, T, vs, vd) can be
defined as follows.
• Let E(G′) = E(G) ∪ E(G)−, where E(G)− =
{(vx, vy) : (vy, vx) ∈ E(G)}. To avoid confusion, each
arc of E(G) is called a positive arc and each arc of
E(G)− is called a reverse arc (see Fig. 1).

• W ′ = {w′(vx,vy)
(t) : (vx, vy) ∈ E(G′)}, where the

delay function w′(vx,vy)
(t) of (vx, vy) for any t ∈ [0, T ]

is defined by:

w′(vx,vy)
(t) =

{
w(vx,vy)(t), (vx, vy) ∈ E(G);
∞, (vx, vy) ∈ E(G)−.

• C ′ = {c′(vx,vy)(t) : (vx, vy) ∈ E(G′)} is a set of
residual capacity functions, where the residual capacity
c′(vx,vy)(t) of (vx, vy) for any t ∈ [0, T ] is defined by:

c′(vx,vy)
(t) =

{
c(vx,vy)(t), (vx, vy) ∈ E(G);
0, (vx, vy) ∈ E(G)−.

Choose a dynamic vsvd-path P (ts) in G′. Let the time that
a flow in G′ passing through vx along P (ts) be tx. Then,
for any (vx, vy) ∈ E(P (ts)), ty = tx +w(vx,vy)(tx) and the
transmission time period on (vx, vy) is T(vx,vy) = [tx, ty].

Noting that the arc capacity of the dynamic network
changes with time and the maximum amount that the flow
on (vx, vy) can increase at time t is c′(vx,vy)

(t), in order to



Fig. 1: E(G′)

ensure that the value of flow on (vx, vy) cannot exceed the
dynamic capacity in the time period [tx, ty], it is necessary
to obtain the function

c∗(vx,vy)
= min

t∈T(vx,vy)

c′(vx,vy)(t)

which is the minimum value of the residual capacity function
in the time interval [tx, ty]. Then, for the dynamic vsvd-path
P (ts) in G′,

δ(P (ts)) = min
(vx,vy)∈E(P (ts))

c∗(vx,vy)

is the maximum value that the flow f can be increased along
P (ts). In addition, P (ts) is called an f -unsaturated path.
Since the initial flow f is such that V al(f) = 0, after
increasing the flow value on each arc in P (ts), we obtain
a new flow f ′ with greater value V al(f ′) = 0 + δ(P (ts)).
Recall that the delay function is regarded as the cost function
per unit flow. Hence, in order to reduce the cost of flow,
we find the f -unsaturated path P (ts) with minimal delay
wP (ts) (i.e., the shortest dynamic path from vs to vd in G′

with departure time ts) and the cost of the flow f ′ is

φ(f ′) = φ(f) +
∑

(vx,vy)∈E(P (ts))

w(vx,vy)(tx) · δ(P (ts))

In addition, it can be seen that we can repeat above
processes of constructing dynamic residual capacity network
and finding the shortest unsaturated path. Then the value of
flow is increased by Algorithm 1.

Algorithm 1 Increase the value of flow

1: Input: an residual capacity network G′ =
(V (G), E(G′), W ′, C ′, T, vs, vd), an initial flow f
with departure time ts

2: Output: a flow f ′ with greater value

3: find the f -unsaturated path P (ts) with minimal wP (ts)
in G′ by using TDSP Algorithm.

4: if the P (ts) exists then
5: for each (vx, vy) ∈ E(P (ts)) do
6: c∗(vx,vy) = mint∈T(vx,vy)

c′(vx,vy)
(t)

7: end for
8: δ(P (ts)) = min(vx,vy)∈E(P (ts)) c

∗
(vx,vy)

9: the flow value of each arc in P (ts) is increased by
δ(P (ts)) and obtain new flow f ′;

10: V al(f ′) = V al(f) + δ(P (ts));
11: return P (ts), f

′ and V al(f);
12: end if
13: return P (ts) == NULL and f ′ = f ;
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TABLE I: Main notations

V al(f) The flow value of f in the network

w′
(vx,vy)

(t) The delay function of the arc (vx, vy) in the residual network G′

c′
(vx,vy)

(t) The capacity function of the arc (vx, vy) in the residual network G′

T(vx,vy) The time period [tx, ty ] during which the flow passes through arc (vx, vy)

c∗
(vx,vy)

[t1, t2] The minimum value of the function c′
(vx,vy)

(t) in the time period [t1, t2]

P (ts) The f -unsaturated path with a departure time ts
wP (ts) The delay of path P (ts)

δ(P (ts) The maximum increase in flow f along P (ts)

φ(f ′) The cost of transporting flow f ′ over the network G′

E(P (ts)) The edge set of path P (ts)

f ′e(t) The flow f ′ on the arc e at time t

f ′−
(vx,vy)

(t) The flow f ′ entering arc (vx, vy) at time t

B. Update the dynamic residual capacity network

Based on the dynamic residual capacity network G′ and
f -unsaturated path P (ts), we further construct new residual
capacity network Ĝ and obtain a flow f̂ with greater value
than f ′ by using Algorithm 1.

According to the definition of f ′, since the value of the
flow on each arc e is δ(P (ts)), the residual capacity of e is
reduced in the corresponding transmission time period. Then,
in next step, there are two choices as follows.
• If the flow on e continues to increase, then the residual

capacity needs to be calculated and seemed as the new
capacity of e.

• If the flow on e will be reduced, then it is reduced by
at most f ′e(t) at time t. Thus f ′e(t) can be used as the
capacity of the reverse arc of e.

Therefore, we need to update the dynamic residual capacity
network and obtain Ĝ = (V (G), E(G′), Ŵ , Ĉ, T, vs, vd).
Since the flow on the arc outside of P (ts) is unchanged, in
order to define Ĝ, it is enough to distinguish the following
two cases to update the dynamic delay function and capacity
function of any arc (vx, vy) in P (ts).

Case 1. (vx, vy) is a positive arc.
Firstly, we update the residual capacity function c′(vx,vy)(t)

and the delay function w′(vx,vy)(t).
According to the dynamic f -unsaturated path P (ts) with

minimal delay which has been found in Section III-A,
the flow on (vx, vy) increases by δ(P (ts)) in the time
period T(vx,vy) = [tx, ty]. We can observe that δ(P (ts))
is the maximum flow increased along path P (ts) and then
f ′ is obtained. Now, the residual capacity of (vx, vy) is
c′(vx,vy)

(t) − δ(P (ts)) in the time period [tx, ty]. Then, the
residual capacity function is updated to

ĉ(vx,vy)(t) =

{
c′(vx,vy)(t)− δ(P (ts)), t ∈ [tx, ty];

c′(vx,vy)(t), otherwise.
(1)

Recall that ĉ(vx,vy)(t) is a time-varying continuous func-
tion. If ĉ(vx,vy)(t) = 0 in some pairwise disjoint time
segments [a1, b1], [a2, b2] . . . , [ak, bk] in [tx, ty], then, these
time segments are called saturated time periods and we can
not continue to increase the flow on (vx, vy) in these time
periods. For any [ai, bi] where i ∈ {1, 2, . . . , k}, let

ti = arg min
t∈[0,T ]

{ai ≤ t+ w(vx,vy)(t) ≤ bi}. (2)

Then we have following lemma.

Lemma 10. Any two time periods [t, t + w(vx,vy)(t)] and
[ai, bi] are intersecting if and only if t ∈ [ti, bi].

Proof: For the necessity, by the FIFO condition and
the choice of ti, if t < ti, then t + w(vx,vy)(t) < ai and
so [t, t+w(vx,vy)(t)] and [ai, bi] are disjoint, a contradiction.
Hence t ≥ ti. Since t ≤ bi is clearly, we have that t ∈ [ti, bi].

It remains to establish its sufficiency. Noting that t ≤ bi,
then we prove that t + w(vx,vy)(t) ≥ ai. Suppose that t +
w(vx,vy)(t) < ai. By the FIFO condition, it can be seen that
t < ti. This is a contradiction. Therefore, the result holds.

Let

T = [t1, b1] ∪ [t2, b2] ∪ . . . ∪ [tk, bk]. (3)

Recall that [ai, bi] is a saturated time period for i =
1, 2, . . . , k. By Lemma 10 and Eq. 3, we observe that it is
enough to update the delay function to ŵ(vx,vy)(t) = ∞
when t ∈ T and any shortest unsaturated path in Ĝ will not
pass through the arc (vx, vy) in the saturated time periods.

Therefore, the delay function of the positive arc (vx, vy)
of path P is updated to:

ŵ(vx,vy)(t) =

{
∞, t ∈ T ;
w′(vx,vy)(t), otherwise.

(4)

Now, an example will be given to illustrate this process.

Example 1. Suppose that (vx, vy) is a positive arc in P (ts).
According to the Section III-A, see Fig. 2(a), let

w′(vx,vy)(t) = w(vx,vy) =





t+ 1, t ∈ [0, 1);
2, t ∈ [1, 2.5);
t− 0.5, t ∈ [2.5, T ];

(5)

and

c′(vx,vy)(t) = c(vx,vy) =





4, t ∈ [0, 2);
2, t ∈ [2, 4);
3, t ∈ [4, T ].

(6)

Suppose that δ(P (ts)) = 2 and the transmission time
period of (vx, vy) is [tx, ty]. Let tx = 1, then ty = 1 +
w(vx,vy)(1) = 3. According to the Eq. 1, see Fig. 2(b), the
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(a) c′
(vx,vy)

(t), w′
(vx,vy)

(t)

(b) ĉ(vx,vy)(t), ŵ(vx,vy)(t)

Fig. 2: The update of the weight functions in the the residual graph

residual capacity function of the arc is updated to:

ĉ(vx,vy)(t) =





4, t ∈ [0, 1);
2, t ∈ [1, 2);
0, t ∈ [2, 3];
2, t ∈ (3, 4];
3, t ∈ (4, T ].

Note that c′(vx,vy)(t) = 0 for t ∈ [2, 3]. Then [a1, b1] = [2, 3].
By Eq. 2, we have that t1 = 0.5. Therefore, T = [0.5, 3] and
so

ŵ(vx,vy)(t) =





t+ 1, t ∈ [0, 0.5);
∞, t ∈ [0.5, 3];
t− 0.5, t ∈ (3, T ].

Secondly, we consider the function update of the reverse
arc (vy, vx). Recall that the residual capacity of (vy, vx) is
the value of flow which can be reduced on (vx, vy). Then
the flow on (vy, vx) is called the back-flow which starts from
vy at time ty and arrives vx at time tx. It implies that the
transmission time period on (vy, vx) is T(vy,vx) = [tx, ty].

Since the flow value of (vx, vy) increases by δ(P (ts)) in
the time period [tx, ty], we have that the residual capacity of
(vy, vx) increases by δ(P (ts)) as well. Therefore, let

ĉ(vy,vx)(t) =

{
c′(vy,vx)

(t) + δ(P (ts)), t ∈ [tx, ty];

c′(vy,vx)
(t), otherwise.

Because the residual capacity of (vy, vx) is increased,
the f ′-unsaturated path to be found in next step can pass
through (vy, vx) in the time period [tx, ty]. Therefore, the
delay function of this arc needs to be updated. As the back-
flow is from vy to vx and the corresponding time period is
from time ty back to time tx, that is ŵ(vy,vx)(t) = tx − ty
when t = ty .

Then the delay function of the reverse arc (vy, vx) is
updated to:

ŵ(vy,vx)(t) =

{
tx − ty, t = ty;
w′(vy,vx)

(t), otherwise.

For example, in Example 1, as δ(P (ts)) = 2 and [tx, ty] =
[1, 3], we have that

ĉ(vy,vx)(t) =

{
2, t ∈ [1, 3];
0, otherwise.

(7)

and

ŵ(vy,vx)(t) =

{
−2, t = 3;
∞, otherwise.

(8)

Case 2. (vx, vy) is a reverse arc.
In this case, the flow on (vx, vy) is the back-flow and so

tx > ty . Then the corresponding transmission time period
along path P (ts) is T(vx,vy) = [ty, tx].

Firstly, we update the residual capacity function c′(vx,vy)(t)
and the delay function w′(vx,vy)(t).

Similar to the Eq. 1 in Case 1, since the value of flow on
(vx, vy) increases by δ(P (ts)), the residual capacity function
is updated to:

ĉ(vx,vy)(t) =

{
c′(vx,vy)

(t)− δ(P (ts)), t ∈ [ty, tx];

c′(vx,vy)
(t), otherwise.

(9)

Since the residual capacity function of a reverse arc is
obtained by increasing or decreasing the flow along the
unsaturated paths, it can be seen that ĉ(vx,vy)(t) is a constant
function in the time period [ty, tx].

If ĉ(vx,vy)(t) > 0, then this arc can continue to be used to
increase back-flow and so the delay function does not change
in the time period [ty, tx].

If ĉ(vx,vy)(t) = 0 with t ∈ [ty, tx], then, in the residual
capacity network Ĝ, this arc can not in any shortest dynamic
path P̂ (ts) which will be used as a unsaturated path to
increase flow in next iteration. Therefore, the delay function
of the reverse arc (vx, vy) in P (ts) is updated to:

ŵ(vx,vy)(t) =

{
∞, t = ty;
w′(vx,vy)(t), otherwise.

(10)

By the equations 7-10, we have following result.

Observation 11. For each reverse arc (vx, vy), the time
horizon [0, T ] can be divided into some time periods and the
residual capacity function is a constant in each time period.
In addition, the delay function is a finite constant only at a
finite number of time points.

Secondly, we consider the functions of (vy, vx) which is
a positive arc.

As the back-flow on (vx, vy) increases by δ(P (ts)), we
have that the residual capacity function of (vy, vx) is in-
creased by δ(P (ts)) in the corresponding time period. Then,
let

ĉ(vy,vx)(t) =

{
c′(vy,vx)

(t) + δ(P (ts)), t ∈ [ty, tx];

c′(vy,vx)
(t), otherwise.

By the above equation, it is easy to see that if there exists a
time period in [ty, tx] such that c′(vy,vx)(t) = 0, then this time
period is called a saturated time period. When ĉ(vy,vx)(t) >
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0, the positive arc (vy, vx) can be used in Ĝ to increase
flow. Therefore, the delay function needs to be updated in
the saturated time period.

Without loss of generality, suppose that
c′(vy,vx)(t) = 0 in the pairwise disjoint time periods
[a1, b1], [a2, b2], . . . , [ak, bk]. For any [ai, bi] where
i ∈ {1, 2, . . . , k}, let

ti = arg min
t∈[0,T ]

{ai ≤ t+ w(vy,vx)(t) ≤ bi}.

Then, by Lemma 10, we have that any two time periods
[t, t+ w(vy,vx)(t)] and [ai, bi] are disjoint if and only if t ∈
[ti, bi]. Hence, a time period T is obtained by Eq. 3 and we
can observe that f ′−(vy,vx)

(t) can be continue increased in next
iteration when t ∈ T . Therefore, the delay function of the
positive arc (vy, vx) is updated to:

ŵ(vy,vx)(t) =

{
w(vy,vx)(t), t ∈ T ;
w′(vy,vx)(t), otherwise.

According to the two cases as above, the sets Ŵ =
{ŵe(t) : e ∈ E(G′)} and Ĉ = {ĉe(t) : e ∈ E(G′)} are
obtained and dynamic residual capacity network is updated
to Ĝ = (V (G), E(G′), Ŵ , Ĉ, T, vs, vd). Therefore, the Al-
gorithm 2 of updating the dynamic residual capacity network
is given. Then, similar to the P (ts) in G′, if there exists
a shortest dynamic path P̂ (ts) from vs to vd in Ĝ with
departure time ts, then P̂ (ts) is called a f ′-unsaturated path.
Furthermore, this path can be used to increase the flow f ′

and update the functions ĉe(t) and ŵe(t) for each e ∈ E(G′).
Repeat this process, the dynamic feasible flow as required in
Problem 1 is obtained until there is no unsaturated path.

Then an example related to the reverse arc is given as
follows.

Example 2. Let (vx, vy) be a reverse arc. By Observation
11, we suppose that

ĉ(vx,vy)(t) =





0, t ∈ [0, 1);
4, t ∈ [1, 3];
3, t ∈ (3, 4];
0, t ∈ (4, T ].

and

ŵ(vx,vy)(t) =




−2, t = 3;
−1, t = 4;
∞, otherwise.

Assume that there exists an unsaturated path P̂ (ts) contain-
ing (vx, vy) in Ĝ and T(vx,vy) = [1, 3]. If δ(P̂ (ts)) = 4,
then V al(f ′) increases by 4 in the time period [1, 3]. Eq. 9
implies that the residual capacity function is updated to

ĉ′(vx,vy)
(t) =





0, t ∈ [0, 3];
3, t ∈ (3, 4];
0, t ∈ (4, T ].

Moreover, by Eq. 10, the delay function is updated to

ŵ′(vx,vy)
(t) =

{
−1, t = 4;
∞, otherwise.

In Example 2, we note that, after updating the residual
network, the delay function ŵ′(vx,vy)(t) of the reverse arc
(vx, vy) ∈ E(P (ts)) ∩ E(G)− may be the negative value.

Algorithm 2 Update the residual network

1: Input: an residual capacity network G′ =
(V (G), E(G′), W ′, C ′, T, vs, vd), an unsaturated
path P (ts);

2: Output: an updated residual capacity network;

3: for each (vx, vy) ∈ E(P (ts)) ∩ E(G) do
4: c′(vx,vy)(t) = c′(vx,vy)(t)−δ(P (ts)) when t ∈ [tx, ty];
5: c′(vy,vx)

(t) = c′(vy,vx)
(t)+δ(P (ts)) when t ∈ [tx, ty];

6: w′(vy,vx)
(t) = tx − ty when t = ty;

7: if c′(vx,vy)(t) = 0 in some time period of [tx, ty] then
8: Find the saturated time periods [a1, b1], [a2, b2],
. . . , [ak, bk];

9: for each i = 1, 2, . . . , k do
10: ti = arg mint∈[0,T ]{ai ≤ t + w(vx,vy)(t) ≤

bi};
11: end for
12: T = [t1, b1] ∪ [t2, b2] ∪ . . . ∪ [tk, bk];
13: w′(vx,vy)

(t) =∞ when t ∈ T ;
14: end if
15: end for
16: for each (vx, vy) ∈ E(P (ts)) ∩ E(G)− do
17: c′(vx,vy)

(t) = c′(vx,vy)
(t)− δ(P (ts)), t ∈ [ty, tx]

18: if c′(vx,vy)
(t) = 0 in [ty, tx] then

19: w′(vx,vy)
(t) =∞ when t = tx

20: end if
21: if c′(vy,vx)(t) = 0 in some time periods of [ty, tx]

then
22: Find the saturated time periods [a1, b1], [a2, b2],

. . . , [ak, bk];
23: for each i = 1, 2, . . . , k do
24: ti = arg mint∈[0,T ]{ai ≤ t + w(vy,vx)(t) ≤

bi};
25: end for
26: T = [t1, b1] ∪ [t2, b2] ∪ . . . ∪ [tk, bk];
27: w′(vy,vx)

(t) = w(vy,vx) when t ∈ T ;
28: end if
29: c′(vy,vx)

(t) = c′(vy,vx)
(t) + δ(P (ts)), t ∈ [ty, tx]

30: end for

Then we need to consider the dynamic cycle which is defined
as follows.

Definition 12 (Dynamic feasible cycle). For any dynamic
path P (t) = 〈u1, u2, . . . , uk〉 in the dynamic residual capac-
ity network G′, suppose that the flow f ′ enters P (t) from u1
at time t and leaves the path from uk. Then P (t) is called
a dynamic feasible cycle if it satisfies following conditions:

(1) u1 = uk;
(2) f ′−ui

(t) = f ′+ui
(t) for any t ∈ [0, T ].

In above definition, if the flow leaves the path from uk at
time t′, then t′ = t + w′P (t), where w′P (t) is the delay of
P (t) in G′. Therefore, the conditions (1) and (2) imply that
t = t′ and so t = t+ w′P (t). That is w′P (t) = 0. Hence, we
have following observation.

Observation 13. For any dynamic feasible cycle P (t) in
the dynamic residual capacity network G′, the total delay
function of P (t) in G′ is 0.

By Observation 13, the dynamic residual capacity network
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has no negative feasible cycle. In a static network without
negative cycles, Floyd algorithm is known to be able to
solve the shortest path problem with negative arcs. Thus,
by Observation 13, in Line 3 of Algorithm 1, for any time-
varying residual network, the shortest unsaturated path P (ts)
can be obtained by the shortest path algorithm TDSP [18]
which uses the TD-Floyd Algorithm.

C. Dynamic minimum cost maximum flow algorithm

The main problem of this paper is to calculate the min-
imum cost and maximum flow in continuous-time dynamic
networks. Therefore, similar to the Successive Shortest Path
Algorithm [4], for any f which is not the maximum flow,
Algorithm 1 is given to calculate the shortest unsaturated
path P (ts) and increase the V al(f) along the path. Then
the f is updated to a new flow f ′. In Algorithm 2, by the
value of f ′ on each arc in P (ts), the residual network is
updated. Thus, the required maximum flow will be obtained
in Algorithm 3 by calling Algorithms 1 and 2 iteratively and
the steps are as follows:
• Firstly, in the initial residual network G′ obtained in

Section A, according to the Algorithm 1, a shortest un-
saturated path P (ts) with any departure time ts ∈ [0, T ]
is calculated from the source vs to the sink vd. In
addition, the maximum increasable flow value δ(P (ts))
and the corresponding dynamic network flow f ′ are
obtained;

• Compute the cost φ(f ′) by using the δ(P (ts)) and f ′;
• Update the capacity function c′(vx,vy)(t) and delay func-

tion w′(vx,vy)
(t) in the residual network G′;

• Return to Step 1. If the unsaturated path exists, then we
can repeat this process. Otherwise, the algorithm output
maximum flow f ′ and minimum cost φ(f ′).

In this way, we get the maximum network flow f ′ with the
minimum cost φ(f ′) for any departure time ts ∈ [0, T ].

Algorithm 3 Find the minimum cost maximum flow

1: Input: an residual capacity network G′(V (G), E(G′),
W ′, C ′, T, vs, vd), an initial flow f with departure time
ts and value 0;

2: Output: the minimum cost maximum flow f ′;

3: run Algorithm 1 to increase the value of initial flow;
4: if P (ts) is not NULL then
5:

φ(f ′) = φ(f ′) +
∑

(vx,vy)∈E(P (ts))

w(vx,vy)(tx) · δ(P (ts))

6: run Algorithm 2 to update the residual network;
7: return step 3;
8: else
9: return f ′,φ(f ′);

10: end if

IV. CORRECTNESS AND COMPLEXITY

In this section, the correctness of the Algorithm 3 will be
proved. First, we consider the following theorem.

Theorem 14. In Algorithm 3, the flow f ′ returned by Line
9 is a maximum flow if and only if the updated residual
network G′ in Line 6 has no unsaturated path P (ts).

Proof: Suppose first that f ′ is a maximum flow. If an
unsaturated path P (ts) can be found in the residual network
G′, then we can further increase the flow by Algorithm 1, a
contradiction. Thus, the necessity holds.

Suppose next that the unsaturated path P (ts) is not found
in the residual network G′. Let K ′ = (S, S̄) be a dynamic
cut when the departure time is ts in G′ such that (vx, tx) ∈ S
if and only if there is an unsaturated path in G′ departing at
vs at time ts and arriving at vx at time tx.

For any ((vx, tx), (vy, ty)) ∈ K ′, by the definition of the
dynamic cut, we have that (vx, vy) ∈ E(G) or (vx, vy) ∈
E(G)−.

Assume that (vx, vy) ∈ E(G). If the residual capaci-
ty function c′(vx,vy)(t) > 0 for each t ∈ [tx, ty], then,
there is an unsaturated path from vs to vy passing through
(vx, xy). This is a contradiction to (vy, ty) ∈ S̄. Then
c′(vx,vy)

(t) = 0 in some time period of [tx, ty]. That is
f ′(vx,vy)(t) = c∗(vx,vy)[tx, ty].

Suppose that (vx, vy) ∈ E(G)−. If f ′(vy,vx)
(t) > 0 for

each t ∈ [tx, ty]. According to the Line 29 in Algorithm 2, it
can be seen that c′(vx,vy)(t) can continue to be increased in
the time period [tx, ty]. Therefore, there exists an unsaturated
path from vs to vy containing (vx, xy), a contradiction.
Hence, f ′(vy,vx)(t) = 0 in the time period [tx, ty].

Let K = K ′ ∩ {((vx, tx), (vy, ty)) : (vx, vy) ∈ E(G)}.
Then K is a dynamic cut in G. It can be seen that V al(f ′) =∑

((vx,tx),(vy,ty))∈K c∗(vx,vy)[tx, ty] = Cap(K). By Corollary
9, f ′ is a maximum flow.

Theorem 15. Let f ′ and G′ be the updated flow and residual
network in some iteration of Algorithm 3, respectively. Then
f ′ is a minimum cost flow with value V al(f ′).

Proof: Suppose that f ′ is improved from the flow f by
increasing the flow of each arc in the shortest f -unsaturated
path P (ts). Each arc in G′ is assigned with a time-varying
delay function w′e(t). By contradiction. Assume that there
exists another dynamic feasible flow f ′′(t) in G′ such that
V al(f ′′) = V al(f ′) and φ(f ′′) < φ(f ′). Let ge(t) = f ′′e (t)−
fe(t) for t ∈ [0, T ]. Then g is a dynamic feasible flow of G′.

Since P (ts) is the path in G′ with minimal delay w′P (ts),
we have that the delay of the flow g from vs to vd is not
less than w′P (ts). As φ(f ′′) < φ(f ′) and V al(f ′ − f) =
V al(f ′′ − f) = V al(g), g has some dynamic feasible
cycles C1, C2, · · · , Cl in the residual network G′ such that
w′Ci

(t) < 0 for some i ∈ {1, 2, . . . , l}. This is a contradiction
to Observation 13. Then the result holds.

By the proof of above theorem, the flow f ′ with departure
time ts returned by Algorithm 3 is a flow in G. Combining
this with Theorems 14 and 15, f ′ is the minimum cost and
maximum flow. In Example 1, note that the time interval
[0, T ] is divided into some time periods and the weight
functions of each arc will be different in any two time
periods. Therefore, the unsaturated path passing through e
should be considered in each time period. The number of
the time periods is denoted by α(T ). Then we can compute
the time complexity of Algorithm 3 as follows.

Theorem 16. The time complexity of Algorithm 3 is
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O(mcmaxα(T )(mα2(T ) + log2
2 κf · n · log2

2 α(T ))), where
cmax is the upper bound of ce(t) for each e ∈ E(G) and
t ∈ [0, T ].

Proof: Since Algorithms 1 and 2 are two sub-
procedures of Algorithm 3, we consider the two algorithms
firstly.

In Algorithm 1, the algorithm TDSP in line 3 needs
O(log2

2 κf ·n · log2
2 α(T )) time. Note that P (ts) has at most

m arcs and α(T ) time periods. Then the for loop in line 5
needs O(mα(T )) time and so the complexity of Algorithm
1 is O(mα(T ) + log2

2 κf · n · log2
2 α(T )).

In Algorithm 2, for each arc (vx, vy) in E(P (ts))∩E(G),
since there are O(α(T )) time periods in each time-varying
weight function of (vx, vy), lines 4-6 need O(α(T )) time.
Note that the number of saturated time periods in line 8
is O(α(T )). For each saturated time period [ai, bi], if there
exists a time t such that t + w′(vx,vy)

(t) ∈ [ai, bi], then the
flow which will be increased on (vx, vy) can not start at node
vx at time t. As there are O(α(T )) time periods of t should
be considered in line 10, the time complexity of the if loop
in lines 7-14 is O(α(T )2). Therefore, the for loop in line 3
needs O(α(T )2) time. Similarly, the time complexity of the
for loop in line 16 is O(α(T )2) as well. Note that P (ts) has
at most m arcs. Therefore, Algorithm 2 needs O(mα(T )2)
time.

The main process of Algorithm 3 is to continuously
increase the value of dynamic flow of each time period in
the residual capacity network G′. Since the capacity of each
arc at any time is an integer, the value of the flow with
departure time ts can be increased by at least 1 in each
iteration by a shortest unsaturated path. By Corollary 9, the
value of the flow is at most |N(vs)|cmax = O(mcmax),
where N(vs) = {vx : (vs, vx) ∈ E(G′)}. There are
α(T ) time periods of ts in T . Then the number of the
iterations is at most mcmaxα(T ) and the total running time
is O(mcmaxα(T )(mα(T )2 + log2

2 κf · n · log2
2 α(T ))).

V. CONCLUSION

In this paper, we studied the minimum cost max-
imum flow problem for any departure time ts ∈
[0, T ] in the continuous-time dynamic capacity network
G(V (G), E(G),W,C, T, vs, vd) under the FIFO condition.
We proposed a minimum cost maximum dynamic flow
algorithm based on the shortest dynamic path algorith-
m and the update algorithm of the residual dynamic
network to find the optimal flow with time complexity
O(mcmaxα(T )(mα(T )2 + log2

2 κf ·n · log2
2 α(T ))). Accord-

ing to the time variability of the delay function and capacity
function, we mainly considered the process of updating the
dynamic residual network. Since the flow will not wait at
each node, the most important is to deal with the continuity
of the transmission process when we update the time-varying
capacity function and delay function of each positive arc and
reverse arc in the dynamic residual network. By the scheme
of updating, some problems related to network flow can also
be considered similarly in the dynamic networks.

REFERENCES

[1] E. J. Anderson, P. Nash and A. B. Philpott, “A Class of Continuous
Network Flow Problems,” Mathematics of Operations Research, vol. 7,
no. 4, pp. 501-514, Nov. 1982.

[2] E. J. Anderson and A. B. Philpott, “A Continuous-time Network
Simplex Algorithm,” Networks, vol. 19, no. 4, pp. 395-425, Jul. 1989.

[3] J. A. Bondy and U. S. R. Murty, “Graph Theory,” Springer, 2007.
[4] R. G. Busacker and P. J. Gowen, “A Procedure for Determining a Family

of Minimal-cost Network Flow Patterns,” O.R.O. Technical Paper-15,
Jan. 1961.

[5] X. Cai, D. Sha and C. K. Wong, “Time-varying Minimum Cost Flow
Problems,” European Journal of Operational Research, vol. 131, no. 2,
pp. 352-374, Jun. 2001.

[6] Bolin Ding, Jeffrey Xu Yu and Lu Qin, “Finding Time-dependent Short-
est Paths over Large Graphs,” in The 11th International Conference
on Extending Database Technology: Advances in Database Technology
2008, pp. 205-216.

[7] L. R. Ford, Jr. and D. R. Fulkerson, “Constructing Maximal Dynamic
Flows from Static Flows,” Operations Research, vol. 6, no. 3, pp. 419-
433, Jun. 1958.

[8] Maria Fonoberova and Dmitrii Lozovanu, “Minimum Cost Multicom-
modity Flows in Dynamic Networks and Algorithms for their Finding,”
Buletinul Academiei De Stiine a Republicii Moldova, Matematica, vol.
53, no. 1, pp. 107-119, Num. 2007.

[9] S. Mehdi Hashemi and Ebrahim Nasrabadi, “On Solving Continuous-
time Dynamic Network Flows,” Journal of Global Optimization, vol.
53, no. 3, pp. 497-524, Jul. 2012.

[10] David Gale, “Transient Flows in Networks,” Michigan Mathematical
Journal, vol. 6, no. 1, pp. 59-63, Jan. 1959.

[11] Edward Minieka, “Maximal, Lexicographic, and Dynamic Network
Flows,” Operations Research, vol. 21, no. 2, pp. 517-527, Apr. 1973.

[12] Elise Miller-Hooks and Sarah Stock Patterson, “On Solving Quickest
Time Problems in Time-dependent Dynamic networks,” Journal of
Mathematical Modelling and Algorithms, vol. 3, pp. 39-71, Mar. 2004.

[13] Parpalea Mircea and Eleonor Ciurea, “The Quickest Maximum Dy-
namic Flow of Minimum Cost,” International Journal of Applied
Mathematics and Informatics, vol. 5, no. 3, pp. 266-274, Jan. 2011.

[14] Urmila Pyakurel, “Efficient Algorithm for Minimum Cost Flow Prob-
lem with Partial Lane Reversals,” The Nepali Mathematical Sciences
Report, vol. 36, no. 1-2, pp. 51-59, Dec. 2019.

[15] A. B. Philpott, “Continuous-time Flows in Networks,” Mathematics of
Operations Research, vol. 15, no. 4, pp. 640C661, Nov. 1990.

[16] Stefan Ruzika, Heike Sperber and Mechthild Steiner, “Earliest Arrival
Flows on Series-parallel Graphs,” Networks, vol. 57, no. 2, pp. 169-173,
Feb. 2011.

[17] W. L. Wilkinson, “An Algorithm for Universal Maximal Dynamic
Flows in a Network,” Operations Research, vol. 19, no. 7, pp. 1602-
1612, Nov.-Dec. 1971.

[18] Yong Wang, Guoliang Li and Nan Tang, “Querying Shortest Paths on
Time Dependent Road Networks,” in The VLDB Endowment 2019, vol.
12, no. 11, pp. 1249-1261.

IAENG International Journal of Applied Mathematics, 52:4, IJAM_52_4_34

Volume 52, Issue 4: December 2022

 
______________________________________________________________________________________ 




